Filomat 33:6 (2019), 1619-1639
https://doi.org/10.2298/FIL1906619A

Published by Faculty of Sciences and Mathematics,
University of Ni§, Serbia
Available at: http://www.pmf.ni.ac.rs/filomat

Higher-Order Duality Results for a New Class of Nonconvex
Nonsmooth Multiobjective Programming Problems

Tadeusz Antczak?, Hachem SlimaniP

®Faculty of Mathematics and Computer Science, University of £6dZ Banacha 22, 90-238 £6dZ, Poland
LIMED Laboratory, Department of Computer Science, University of Bejaia, 06000 Bejaia, Algeria

Abstract. In this paper, a nonconvex nonsmooth multiobjective programming problem is considered
and two its higher-order duals are defined. Further, several duality results are established between the
considered nonsmooth vector optimization problem and its dual models under assumptions that the
involved functions are higher-order (®, p)-type I functions.

1. Introduction

In the paper, we consider the following nondifferentiable multiobjective programming problem:

P(x) := (f1 (x) + (xTle)l/2 s Jq () + (xTqu)l/z) — min
g[ (x) é 0/ ] = 1,...,77’1,
x € X,

(VP)

where fi: X > R,iel={1,..,q},9;: X = R, j € ] ={1,..,m}, are differentiable functions on a nonempty
open convex set X C R" and, moreover, each B;, i € I, is an n X n positive semidefinite symmetric matrix.
Let D be the set of all feasible solutions in the considered vector optimization problem (VP), that is,

D= {x €X:9;(x)£0, j= 1,...,m},
and, moreover, we define by ] (x) the set of all active inequality constraints at point X € D, that is,
J@={jes:g;=0}.

Remark 1.1. Note that the considered multiobjective programming problem reduces to a usual vector optimization
problem if B; = 0 forall i € L.
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In most real-life problems, decisions are made taking into account several conflicting criteria, rather
than by optimizing a single objective. Such an optimization problem is called multiobjective programming
problem or vector optimization problem. Multiobjective programming is, therefore, the search for a solution
that best manages trade-offs criteria that conflict and that cannot be converted to a common measure. In
recent years, multiobjective programming has grown remarkably in different directions in the settings of
optimality conditions and duality theory. As a special case of a vector optimization problem, which appears
repeatedly in the literature, is a nondifferentiable multiobjective programming problem containing a certain
square root of a quadratic form in each component of the objective function. It has been enriched by the
applications of various types of generalizations of convexity theory (see, for example, [4], [9], [18], [23], [25],
[26], [28], [33], [34], [37], [38], [39], and others). In [16], Hanson and Mond introduced the so-called classes
of (generalized) type I functions in nonlinear scalar optimization problems as a generalization of invexity
introduced by Hanson [14]. The notion of type I functions has been generalized in several directions.
Later, Kaul et al. [22] investigated Karush-Kuhn-Tucker type necessary and sufficient conditions and
obtained duality results for differentiable multiobjective programming problems involving generalized
type I functions. The class of higher-order type I functions for scalar optimization problems was introduced
by Mishra and Rueda [26].

Mangasarian [24] introduced the concepts of second- and higher-order duality for nonlinear optimiza-
tion problems. He has also indicated that the study of such dual problems is significant due to the
computational advantage over the first-order duality as it provides tighter bounds for the value of the
objective function when approximations are used. Motivated by the foregoing concepts introduced in [24],
several researchers have worked in this field (see, for instance, [3], [4], [5], [6], [15], [21], [26], [31], [32],
[35], [36], [41], [42], [43], and others). Mond [33] was the first who defined second order convexity and
he used it to prove second-order duality results. Jeyakumar [21] discussed second-order Mangasarian
type duality under p-convexity. In [42], Zhang and Mond proved some duality theorems for second-order
duality in nonlinear programming under generalized second-order B-invexity. Various duality results for a
mathematical programming problem has been established under higher-order invexity by Mond and Zang
[35]. In [44], Zhang introduced higher-order (F, p)-convexity and he established higher-order duality results
for multiobjective programming problems under introduced concept of generalized convexity. Mishra and
Rueda [26] generalized the results of Zhang and Mond [42] and they proved various duality results between
the considered nondifferentiable mathematical programming problem and its higher-order duals under the
concept of higher-order type I functions. Later on, Yang et al. [41] discussed higher-order duality results
under generalized convexity assumptions for multiobjective programming problems involving support
functions. Mishra et al. [32] extended the class of generalized type I functions introduced by Aghezzaf and
Hachimi [1] to the context of a higher-order case. Further, they formulated a number of higher-order duals
to a nondifferentiable multiobjective programming problem and established higher-order duality results
under the introduced higher-order generalized type I functions. In [40], Yang et al. established a converse
duality theorem for higher-order Mond-Weir type multiobjective programming problems involving cones.
Ahmad et al. [4] derived optimality conditions and Mond-Weir duality results for a nondifferentiable mul-
tiobjective programming problem containing a certain square root of a quadratic form in each component
of the objective function in the presence of equality and inequality constraints. Recently, Jayswal et al. [20]
have established weak, strong and strict converse duality theorems for higher-order Wolfe and Mond-Weir
type multiobjective dual programs in order to relate efficient solutions of primal and dual problems under
assumption that the involved functions are (generalized) higher-order (F, «, p, d)-V-type I functions.

In this paper, we consider a nonsmooth multiobjective programming problem and, following Mishra
and Rueda [26] and Caristi et al. [8], we introduce the concept of higher-order (®, p)-type I objective and
constraint functions for such a vector optimization problem. Further, we formulate two higher-order dual-
order case problems for the considered nondifferentiable multiobjective programming problem, that are,
higher-order dual problem in the sense of Mangasarian and higher-order mixed dual problem. Using the
concept of higher-order (®, p)-type I objective and constraint functions, we prove weak, strong and strict
converse duality theorems between the considered nonsmooth multiobjective programming problem and
its higher-order dual problems formulated in the paper. Since the concept of (®, p)-type I objective and
constraint functions generalizes a lot of other generalized type I notions previously defined in the literature,
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therefore, the results established in the paper are more general than those existing in the literature.

2. Nondifferentiable multiobjective programming and higher-order (®,p)-type I objective and con-
straint functions

The following convention for equalities and inequalities will be used in the paper.

For any x = (x1, x2, ...,xn)T, y = (Y1, Y2, . yn)T, we define:

(i) x=y ifandonlyifx; =y;foralli=1,2,..,n;

(i) x>y ifandonlyifx; > y;foralli=1,2,..,n;

(iii) x 2 y ifand only ifx; 2 y; foralli=1,2,..,n;

(iv) x>y ifand onlyif x Z yand x # y.

We begin our considerations by introducing the definition of higher-order (®, p)-type I objective and
constraint functions for a usual vector optimization problem, which we obtain if we set B; = O for alli € I in
the considered nondifferentiable multiobjective programming problem (VP) (see Remark 1.1). Hence, we
now consider a usual nonlinear vector optimization problem as follows

£0) = (fi ), f (%)) > min
subjectto g;(x) £0, j=1,..,m, (VP,)
xeX

where the functions f;, i € I, gj, j € ], and the set X are defined in the similar way as for the problem (VP).
Throughout the paper, we shall write g = (g1, ..., gm) : X = R™.

Letk = (kl,..., kq) :XXR" > Rland h = (hy,...,hy) : X X R" — R™ be differentiable functions, p any
vector in R”.

Definition 2.1. If there exist p = (pﬁ, coes Pfyr P weer pgm) € R™" and a function ® : X X X X R"*! — R, where
@ (x,u,-) is convex on R™1, @ (x,u,(0,a)) 2 0 for all x € X and any a € R, such that, the following inequalities

fix) = fi(w) = ki (u,p) + p"Vpki (u,p) 2 CI)(x, u, (V,,k,- (u,p),pﬁ)), iel (1)

—gi(u) = hj (,p) + PV, (,p) 2 @ (x,u, (Vo (w,p), pg,))  j € T )

hold for all x € X, then (f, g),is said to be higher-order (®, p)-type I objective and constraint functions at u € X on X.
If inequalities (1) and (2) are satisfied at each u € X, then (f, g) is said to be higher-order (®, p)-type I objective and
constraint functions on X.

If inequalities (1) are strict for all x € X, (x # u) and i € I, then (f, g), is said to be higher-order strictly (®, p)-type I
objective and constraint functions at u € X on X.

Now, we give an example of such a nondifferentiable vector optimization problem in which the involved
functions are higher-order (®, p)-type I objective and constraint functions on the set of all feasible solutions.

Example 2.2. Consider the following nonconvex vector optimization problem:
flx) = (x3,x2) — min
subjectto x> —1<0,

-x-1=20,

(VP1,)

x € R.
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Note that the set of all feasible solutions in the considered nonconvex vector optimization problem (VP1y) is D =
{x €ER:x¥*-120A—x-1Z% 0} = [-1,1] and u = O is a feasible solution. It can be shown, by Definition 2.1, that
(f, g) are higher-order (®, p)-type I objective and constraint functions at u = 0 on D. Indeed, let @ : DXDxR?* — R be
defined by @ (x, u, (9, p)) = S(u —x2)+p,ki :DXR — R,i=1,2, bedefined by k; (u, p) = uz%—l, hj: DXR — R,

j=1,2, bedefined by hj (x,u) = L= =1, pr, =1, pp, = 1, py, =2, pg, = 2. Then, by Definition 2.1, we have

u2+1

f(x) = i) — k1 (u,p) + pTVpkl (u,p)—@ (x, u, (Vpkl (u,p), ps ))

=0 (A i) elon (e
=¥ -l - -1 — -0 —_—
o (u2+1 )+p(u2+1 YW1 Ph
=x*+x>20VxeD

f(x) = fou) = ko (u,p) + p"Vypka (1, p) — @ (x, u, (Vpkz (u,p), pfz))

- =)o) -olonl)
o (u2+1 1)+P(u2+1 O{xu, uz+1"sz

=2x* 20 Yx € Dg1(x) — g1(u) — h1 (u,p) + p"Vypha (u,p) — @ (x, u, (Vphl (u,p), pgl))

_ (2 _N\_(_P 1 )_ ( (L ))
B (u 1) (u2+1 1)+p(u2+1 O(xu, 21 P

=x*20VxeD

92(%) = ga(u) = ha (u, p) + p" Vyha (1, p) = @ (x, 1, (Vo2 (u,p) , pys))

o= (horl) ol )
=-(u-1 (u2+1 1)+P u2+1 D>, 211 P
=x>20 VYxeD

Hence, by Definition 2.1, it follows that (f, g) are higher-order (®, p)-type I objective and constraint functions at
u=0onD.

Remark 2.3. Note that the functions constituting the considered nonconvex vector optimization problem (VP1y) are
not higher-order type I at u = 0 on D with respect to any function 1 : D X D — R in the sense of the definition given
by Mishra and Rueda [26]. Further, it can be shown that all functions involved in the nonconvex vector optimization
problem (VP1y) considered in Example 2.2 are not (®, p)-invex at u = 0 on D (see [8]) with respect to @ and p defined
above. Also note that not all functions constituting the nonconvex vector optimization problem (VP1y) considered in
Example 2.2 are higher order (®, p)-invex at u = 0 on D with respect to the functions k;, i = 1,2, and hj, j=1,2 (see
[19]). Indeed, none of the constraint functions is higher order (®, p)-invex at u = 0 on D with respect to the functions
®, hj and scalars p,,, j = 1,2 given above. As it follows even from this example, the class of higher-order (®, p)-type
I objective and constraint functions is a larger class of functions than many classes of higher order generalized convex
functions, previously defined in the literature. Hence, various higher order duality results established in the paper
are applicable to a large class of nonconvex vector optimization problems in comparison to the similar results earlier
established in the literature under other concepts of higher order generalized convexity.

Lemma 2.4. (Generalized Schwartz inequality): Let B be a positive semidefinite symmetric matrix of order n. Then,
forall x,z € R",

1/2 1/2
xTBz < (xTBx) ! (zTBz) ! . 3)
1/2
Note that the equality holds, if Bx = aBw for some a € R" with a = 0. Moreover, if (zTBz) / £ 1, then

x'Bz (xTBx)l/2 . 4)
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3. Optimality

In this section, we give necessary optimality conditions for properly efficiency in the considered non-
differentiable multiobjective programming problem (VP) which are useful in proving higher-order dual
results for (VP) in next sections.

Definition 3.1. A feasible point X is said to be a Pareto solution (an efficient solution) for (VP) if and only if there is
no another x € D such that f(x) < f(x).

Afterwards, Geoffrion [11] modified the efficiency concept and defined the proper efficient solution in
a multiobjective programming problem as follows:

Definition 3.2. An efficient solution X for (VP) is said to be properly efficient if there exists a scalar M > 0, such that

foreachi € Iand x € D satisfying f; (x) < fi(x), we have f/;:g;:ﬁ((% < M for at least one k satisfying fi(x) < fi(x).

Remark 3.3. Note that if X'BiX, i € I, is not zero, then the corresponding function involved in the objective function
of the considered nondifferentiable multiobjective programming problem (VP) is not differentiable. In order to derive

q
necessary optimality conditions in such a case, for a feasible solution X, we define the set Q (x) = |J Q; (x), where
i=1

Q@) = {a) €ER":"Vg;(®) <0, j€]® and 0 Vf; (®) + 22X <0,if T'BT >0,

Bx)"

1/2
WY@+ (0Bw) " <0,if ¥BE =0} icl

In [7], Bhatia and Jain established necessary optimality conditions for a feasible solution to be a properly
efficient solution for the considered nondifferentiable multiobjective fractional programming problem in
which the numerator of each component of the objective function contains a term involving square root
of a certain positive semi-definite quadratic form. Necessary optimality conditions for the considered
nondifferentiable multiobjective programming problem (VP) can be also found, for example, in [2], [4], [34].

Theorem 3.4. (Necessary optimality conditions): Let X be a properly efficient solution in the considered nondiffer-
entiable multiobjective programming problem (VP), the set Q) (x) be empty and a suitable constraint qualification be

satisfied at x. Then, there exist A € R, £ € R™ and w; € R", i € I, such that

9 m
Ai{Vfi () + Biwi} + Z &iVgi(x) =0, (5)

i=1 j=1
9@ =0,j€], 6)

— 1 _ _
/\i>0ri=1/~-rqrZ/\i=1,5j§0,j€], @)
i=1

(ETBiJ_C)l/Z = XTB,@,, iel, (8)

W Bw;<1,iel 9)
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4. Mangasarian duality

In this section, a higher-order dual problem in the sense of Mangasarian is formulated for the considered
nondifferentiable multiobjective programming problem (VP) and several duality theorems are established
under assumption that the functions constituting the problem (VP) are (generalized) higher-order (®, p)-
type I objective and constraint functions.

Consider the following dual problem (MVD) in the sense of Mangasarian related to problem (VP):

Maximize (f1 () + [u+ p]T Biwy + ki (1, p) + éTg(u) +&Th(u, p),

oy ) + [+ p]" Bywog + Ky (1, p) + E g(u) + ETh (u, p)) (MVD)
q m
st Y Ai(Voki (w,p) + Bawi) + Y &Vphi (u,p) =0, (10)
i=1 =1
w/Bw; <1,i€l, (11)
q
ueX,peR,w R, A>0,i=1,..,q, ZAi =1,&20,j€]. (12)
i=1

Let

Qmvp = {(u, A&, (wl, ...,wq) ,p) e Xx Ri X R} X (R" X ... x R") x R" : verifying the constraints of (MVD)}

q times
be the set of all feasible solutions in problem (MVD). Further, U = {u eX: (u, A&, (wl, .y wq) ,p) € QMVD}.

Theorem 4.1. (Weak duality). Let x and (u, A, &, w, p) be any feasible solutions for the vector optimization problems
(VP) and (MVD), respectively. Further, assume that ( fi()+ (-)T B;w;, g(-)), i € 1, is higher-order (®, p)-type I
objective and constraint functions at uon DU U. If .7 Aips + Y7 Ejpg; 2 0, then the following cannot hold:

fi(x) + (xTBix)l/2 Sfiw)+[u+ p]T Biw; + ki (u,p) + ETg(u) +&Th (w,p), i€l (13)

and
fi(x) + (xTB,-x)l/2 < fi(u)+[u+ p]T Biw; + ki (u,p) + éTg(u) +&Th(u, p) forat least onei € I. (14)

Proof. Let x and (1, A, &, w, p) be feasible solutions for the vector optimization problems (VP) and (MVD),
respectively. We proceed by contradiction. Suppose, contrary to the result, that the inequalities (13) and
(14) hold. Then, by the generalized Schwartz inequality (see Lemma 2.4), (13) and (14) give, respectively,

fi(x) + xTBiw; £ fiw)+[u+ p]T Biw; + ki (u,p) + cETg(u) +&Th (u,p),iel (15)

and
fi () + xTBiw; < fi (u) + [u + p]T Biw; + ki (u,p) + ETg(u) + ETh (u,p) for at least onei € I. (16)

Since (u, A, &, w,p) € Qumvp, we have that A, >0,i=1,...,.q, Z?:l Ai = 1. Thus, (15) and (16) yield
A [f, (x) + xTBiwi] <A (ﬁ (u) + [u + p]T B;w; + k; (u, p)) + A [ETg(u) +&Th (u, p)] ,iel (17)
and

A [ﬁ (x) + xTB,-w,-] <A (f, (u) + [u+ p]T Bjw; + k; (u, p)) + A [éTg(u) +&Th(u, p)] for at least one i € I.
(18)
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Adding both sides of (17) and (18) and using .7 | A; = 1, we get

q q
Z Ai [f, (x) + xTB,-w,-] < Z Ai (ﬁ () + [u+ p]" Baw; + ki (u, p)) +&Tgu) + Eh (u,p). (19)
i=1 i=1
By assumption, ( £i () + ()7 Baw;, g(- )) i € I, is higher-order (®, p)-type I objective and constraint functions at

uon D U U. Then, by Definition 2.1, the following inequalities

fi(z) + 2"Bw; — fi(u) — uTBiw; — k; (u, p) + p*Vyki (u,p) 2 @ (z, u, (Vpk,- (u,p) + Biw;, pﬁ)) Ji€gl, (20)

—=g;(10) = h; (u, p) + p"Vphj (u,p) 2 @ (2,1, (Vohi (w,p), py,)) j € ] (21)

hold for all z € D U U. Therefore, they are also satisfied for z = x € D. Hence, multiplying each inequality
(20) by A; > 0,1 € I, and each inequality (21) by £; 2 0, j € ], we get

Ai [f,(x) + xTB,-wi - ﬁ(u) - MTBZ'ZUZ' - ki (u, p) + pTVpk,‘ (1/[, p)] > N0 (x, u, (Vpki (u, p) + Byw;, pﬁ)) i€, (22)

& [=g1) =y Gu p) + TV G, p)] 2 £ (1,0, (Vb (), i )) € 1 @3)
Adding both sides of (22) and (23), we get

YA [f,-(x) + xTBiw; — fi(u) — u" Biw; — ki (u, p) + p"Vyk; (u, p)] >y A0 (x, u, (Vpki (u,p) + Biw;, pﬁ)) ,

(24)
L &i[=gi) =y G, p) + pTVhy (1, p)] 2 Tty &0 (2, (Vo (), py,)) - (25)

Let us introduce the following notations
A= A i€l & = ¢ el (26)

q—/ q—/ ]
Yo At X & At L &

Note that A; € (0,1],i €I, & €[0,1],j € ], and

i%+i;=l. (27)

i=1 =1

Taking into account (26) in (24) and (25), and then adding both sides the resulting inequalities, we obtain

MQ

(x ) + x"Bw; — fi(u) — u' Bjw; — k(up)+ka(up)] ZEJ —gi(u h(up)+pVh(up)]

i=1 j=1

Ms

q
;Z xu Vk(u p)+Bw1,pf xu Vh(u p), pg])) (28)

j=1
By Definition 2.1, it follows that @ (x, i, -) is convex on R™1, Since F/{i >0,i€l, E] €[0,1], j € ], by (27) and
the definition of a convex function, we have

q m

Z filx) +x TBw; — [f,-(u) + uTBiwi] —ki(u,p) + pTVpki (u, p)] + Z 31 [—gj(u) —hj(u,p)+ pTVphj (u, p)]

i=1 =1

q —_— P
2 CD{x, u, Z A (V,,k,« (u,p) + Biw;, pﬁ) + Z & (Vphj (u,p), pgj)]]. (29)

i= j=1

3
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Using (26) in (29), by the constraint (10), we get
m A [ﬁ(x) + xTBiw; — fi(u) — u" Biw; — ki (u, p) + p"Vyki (u, p)] +
—Z?:lAiiZ,"-Ll g L€ (=g;a0) = R (u, p) + p"Vyhj (u,p)) 2 (IJ(x u, —Zq T (0, X2, dipr + L1 S]pgl))
(30)

By Definition 2.1, it follows that @ (x, u, (0, 4)) = 0 for every a € R.. By assumption, Z?:l Aipg + 271:1 &jpg; 2 0.
Thus, the following inequality

U Aips+ ) Eipg|[20 31
xu /\+Z]1<S][ Z 0y Z]pg]] (31)

holds. Combining (30) and (31), we obtain that

O]

oA (ﬁ(x) +xTBiwi) > (ﬂ(u) +uTBiw; + ki (u, p) — p"Vyki (u, p)) + X0 & (g] +h(u,p) — p"Vyhi(u, p))
Thus,
YA (ﬁ(x) + xTBiw,-) 2Y7 A (ﬁ(u) + [u + p]” Biw; + ki (u, p)) +

Y& (gj(u) +hj(u, p)) -pTxl, [V,,k,r (u,p) + Biwi + L1y E;Vph; (u, p)] .
By the constraint (10), it follows that the following inequality

YL Ai(fito) + xTBawi) 2 T A (filw) + [+ p]” Biwi + ki (w, p)) + Ty & (90) + hj (1, p)
holds, contradicting (19). This completes the proof of the theorem. O

Theorem 4.2. (Strong duality). Let X € D be a properly efficient solution of the considered nondifferentiable
multiobjective programming problem (VP) such that the set Q(x) is empty and Vg;(x), j € J(x), be linearly
independent. Further, assume that

{ ki (x,0) = 0foralli € I; V,k(x,0)=Vf(x), )

hj(x,0)=0forall jeJ; V,h(X,0)=Vg@.

Then there exist A € R1, & € R™, w; € R", i € I, such that (E A&, (El, . @q) p= O) is feasible for (MVD) and
the correspondmg objective values of (VP) and (MVD) are equal. Further, if weak duality (Theorem 4.1) holds, then
(x A<, (wl, wq) P = 0) is a properly efficient solution of a maximum type in (MVD).

Proof. By assumption, X € D is a properly efficient solution of the considered nondifferentiable multi-
objective programming problem (VP), the set Q(x) is empty and the Linear Independence Constraint
Qualification is satisfied at x. Then, by Theorem 3.4 and (32), it follows that (%, X, E, (El, ...,Eq) P = 0) is
feasible in (MVD). Also the corresponding objective values of (VP) and (MVD) are equal as it follows by (8)
and (32).

In order to prove that (E, A&, (ﬁl, ...,ﬁq) P = 0) is a properly efficient of a maximum type for (MVD),
first, we show that (E, A, (El, ...,wq),;? = 0) is efficient of a maximum type for (MVD). We proceed by
contradiction. Suppose, contrary to the result, that it is not efficient of (MVD). Then, by Definition 3.1, there
exists (?[,X, 5, (ﬁfl, ...,%q) ,;7) € Qumvp such that

£ )+ [T+ 7] Bidos + ke (@, 7) + £ gG) + ETh (@) 2 i (%) + % B + k; (%,0) + & (0 + & h(%,0),i €1,
33)
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fio )+ [+ )" B + ke 0, 7) + £ (@) + ETh (i, 7) > fr (%) + X Ber + ki (%,0) + £ g(®) + & h(F,0)

for at least one i* € I.

Then, (32), (33) and (34) yield, respectively, 9
[+ B+ & () < (i) + [+ ] Bid; + k: (,7) + Eg@) + Eh(@,7), i € 1, (35)

Fo @) + X B + € g@®) < fi (i) + [+ )" B + ki (1,7) + £ g(@) + ETh (%, ) for at least one i* € I.
Hence, by (6) and (8), it follows that the following inequalities oo
f@+(EBR)" s fi@+ [T +5] B+ ki @ 7) + £ g + EnGLp) i el (37)

fir (%) + (ETBi*E)l/Z < fo @) + [+ P) Bewy + ke (,7) + ET () + ETh (1, p) for at least one i* € I (38)

hold, contradicting weak duality (Theorem 4.1). This means that (E, A€, (%1, .y @q) P = O) is efficient of a
maximum type for (MVD).

Now, we shall prove that (E, A, (@1, ...,Eq) P = O) is a properly efficient solution of a maximum type
in (MVD) by the method of contradiction. Suppose that (%, X, E, (El, ...,@q),ﬁ = 0) is not so. Then, by
Definition 3.2, it follows that there exist ('uV, AE (5(71, . %q) ,;7) € Quvp and i* € I satisfying

i )+ [+ )7 Be@r + ke (0, 7) + £ @) + ETh (T,7) > f (%) + X Bowy + ki (%,0) + £ g(®) + & h(F,0)

(39)
such that the inequality

Fo @) + [T+ 7] B + ki (i,7) + £ (@) + ETh (i, 7) - ( Fo @) + T B + ki (7,0)+E 9@ + & h(F, 0)) >

M( £ @) + X B@s + ki (5,0) + £ g + & h(®0)~ (fi @ + [0+ 7] B + ki (@, ) + £ g0) + Eh (i, ) -
(40)
holds for each scalar M > 0 and all ¢ € I satisfying

[+ T B+ ki 7,00+ & 9@ + & h(F0)> fi (i) + [+ 7] Beawr + ki (10,7) + £ g + Eh @, 7). (41)

We divide the index set I and denote by I; the set of indexes of objective functions satisfying the inequality

(41). By I, we denote the set of indexes of objective functions defining by I, = I\ (I; Ui*). Let M > % |4,
where |I;| denotes the number of elements in the set I;. Hence, by (40) and (41), it follows that

Ay (fz‘* (1) + [0 +p]" Brwy + ki (1, p) + £ g) + ETh (i, ) - (fi* @)+ Bywy + ki (%,0) + ET!](?) +ihE 0))) >

Ty, — _ =T _ =T _ — — — ~ o
Ten Mo [ 0+ FB + b (00 + E 9+ E h(E,0)— (fi @)+ [+ P Bl + by @.7) + 9@ + ETh (T )
(42)
Using the definition of the set I, together with (42), we obtain

i

Al ( F®+ T B+ kG0 +E 9@ +E MG, 0)) — A ( Fr @+ T BT + ke B0)+ E 9@ +E MG, 0)) +

M@ +TBT@A+kEO)+E 9@+ hE0)+ Y (@ +F BT +kF0)+ E 9+ 1R 0) <

1 iEIZ

—

€
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A (ff* (@) + [0+ p]" Brwi + ki (&, p) + E g(@) + ETh (i?’)) +

YA (i@ + [+ F] By + ki () + E 9@ + Eh (@ p)) +

tely

ZAt(ﬂ(ﬂM [+ 51" B + ki (i,7) + £ 9@ + ETh (I, 7)) =

tel,
q —~ —_—

YA @+ [T+ 71 B+ k@) + 9@ + £ @)
i=1

By (6), (8) and (32), it follows that the following inequality

q
Z (ﬁx)+ ETBx ) Z/\ fi(u) + [u+p] Bwl+k(uﬁ)+§Tg(‘§+£Th(u~))

i=1

holds, contradicting weak duality (Theorem 4.1). This means that (i, X, E, (%1, ...,@q) P = 0) is a properly
efficient solution in (MVD) and completes the proof of theorem. [

Theorem 4.3. (Restricted converse duality). Let X and (ﬁ, A€, (El, .y %q),f?) be feasible solutions in the vector
optimization problems (VP) and (MVD), respectively, such that

F(®) + X Bw; < f (i) + [11 + )" Biiwi + ki (,7) + £ g(@) + & h(w,p), i€ L. (43)

Further, assume that (ﬁ O+O'Bw, i€l gi(), j € ]), is higher-order strictly (®, p)-type I objective and constraint
functions atuon DUU. IF YT Xipf, + X7 E]-pg/. 20, thenx = u.

Proof. Since A; > 0,i €I, Y1 A; =1, (43) gives
— . _ _ — _ . _ _ =T _ =T _ _
LA (f@+x"Baw) < DL A (fi @ + [+ 5] B + ki (@ 5)) + & g@) + & h(@,p). (44)

We proceed by contradiction. Suppose, contrary to the result, thatx # u. By assumption, ( fi()+ (-)T Biw;, g(-)),
i € I, is higher-order (®, p)-type I objective and constraint functions at  on D U U. Since A; > 0, i € I, and
E]‘ 2 0, j € ], by Definition 2.1, we have

i (fi®) + X" Biw — fi(n) — u" Biw; — ki (U, ) + 7' V,ki (1, 7)) > L@ (%, %, (V, ki (1, 5) + Biwi, pr)), i €1,  (45)
p p P

& [=ai = i @, p) + pTV,hi (i, 5)| 2 £ (X5, (Vohi (), py,)) € T (46)
Adding both sides of (45) and (46), we get

i (f:G) + X Biwi — fiw) — 0 Biw; — ki (i,p) + P Vyki (i,5)) > L, L0 (%, 4, (Vki (1, P) + Bitwi, py)),

(47)
Li & [-9i00 = hj @ p) + PVl @,5)] 2 L1 @ (%7, (Vohy (5,7), py,)) - (48)

Let us introduce the following notations
Ajz%,iel,éfz ! jel. (49)

q ) m ] 9 7. m T’
i1 it Z:j=1 <j i1 it Z;‘=1 <j
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Note that A7 € (0,1],i €, 5; €[0,1],j€J, and
q m
Y n+) e=1 (50)

i=1 j=1

Using (47) and (48) together with (49), we get, respectively,

LA @ + % B - (fi@ + 7 B@i) - ki (4,p) + P Voki (0,P)] > LL, 410 (%7, (Voki (&,7) + Bw;, p)),
(51)
Tty & [=gi@) = ki (@,P) + B Vohy (1,P)] 2 L1 £ (X5, (Vo @,5), py,)) - (52)

Adding both sides of (51) and (52), respectively, and then adding both sides of the obtained inequalities,
we get

G + % Bw; - (fiw) + ' Bw;) — ki (i, 5) + 7' Vi (4, 7)| +
L & [-9iG0 = by @p) + BV, (3,5)] > (53)
L A (%5, (Voki (1,7) + By, pr)) + L1y £ (%7, (Vohy (@,7), py )

By Definition 2.1, it follows that ® (x, %, -) is convex on R™1. Since Are(0,1]i€l, é; €[0,1], j € J, and (50)
is satisfied, by the definition of a convex function, we have

|G + X Biw; - (fiw) + u Bw;) — ki (iL,P) + ' Vi (1, 7)] +
L & =9, — 1y @) + PV (0,9)] > (54)
O (%7, (ZL, A; (Vpki G2, D) + By, pg) + L1 & (Vo (5,5), pyy))-
Using (54) together with (49), we get

TTET T X[ + % Baw; - (fiw) + 7 Bawi) - ki (,p) + ' Vi (i, 5)| +
m LI & [-9iG0) = by @ p) + PV, (@, P)] > (55)
‘D(_ u WT (Zl 1 Ai [V ki (u,p) + B; w,] +Z] 1 51V hi(u,p) , Z?zl Kipf,v + Z;'n:l Ejpy,))-
By the constraint (10), the inequality (55) gives

W T [fi@) + X B — (fiG) + 4 B@wi) - ki (1,7) + P’ Vpki (1, p)] +

m L7y &5 (—gi@) = hi (i, P) + 7'V, (4, P)) > (56)
@ (E/ u, m (0 ’ Z?zl /\ipf,- + Z}n:l éjpg,))-

By Definition 2.1, it follows that @ (x, u, (0, 2)) = 0 for every a € R.. By assumption, Z?zl i P+ 271:1 &jpg; 2 0.
Thus, the following inequality

q

O|% U —————— Y Eipg ||z 0 (57)
[ : Al+2]—151[ Z J=Zl ]g]]

i=1
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holds. Hence, (56) and (57) yield
L@+ B@) > LL A (A + 7 B +k (p)~ P Vki (11, 7))
+ X1 &5 (9,60 + 1y (1, B) - BV h; (0, 5)).
Thus,
YL A (@ + X B@wi) > L1, A (fi@) + [+ p]" Bw; + ki (1,p)) +
Y & (9:G0 + b (@,5)) - 77 L, A [Vpki (@, 5) + Biw; + Ly &Vh; (1,7)] .
By the constraint (10), it follows that the following inequality
L (@) + X Bawi) > L, i (fi@) + [i1 + 51" Bw; + ki (,9)) + Ly & (950 + hj (i, 7))

holds, contradicting (44). This completes the proof of the theorem. [

5. Mixed duality

In this section, a higher-order mixed dual problem is formulated for the considered nondifferentiable
multiobjective programming problem (VP) and several mixed duality theorems are established under
assumption that the functions constituting the problem (VP) are (generalized) higher-order (®, p)-type I
objective and constraint functions.

Consider the following higher-order mixed dual problem (MXVD) related to problem (VP):

Maximize | f1 (1) + uTBywy + ky (u,p) - pTVpkl (u,p) + Z [éjg]-(u) +&ihi(u,p) - pTV,,éjhj (u, p)] ey
j€lo

fy ) + u"Bgw, + ky (1, p) — p"Vyky (u, p) + Z [éjgj(u) + &l (u,p) = pT V& (u, p)] (MXVD)

j€lo
9 m
s.t. Z Ai (Vpk,‘ (u, p) + Biwi) + Z éjvphj (”/ P) =0, (58)
i=1 j=1
Z <£jg]-(u) + &y (u,p) — p V& h; (u,p)) 20, =1,..,5, (59)
i€l
w;Bw; <1,i€l, (60)
q
ueX,peR',wieR, Ai>0,i=1,..94, Z/\i =1,&20,j€], (61)
i=1

where [ CJ,=0,1,..,swithJgn], =@, p#yand U Jp=].
p=0
Let

Quxvp = {(u, A€, (wl, ...,wq) ,p) e XX Ri X R X (R" X ... x R") x R" : verifying the constraints of (MXVD)}

q times

be the set of all feasible solutions in problem (MXVD). Further, Uyixvp = {u eX: (u, AE, (wl, ...,wq) ,p) € QMXVD}.
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Theorem 5.1. (Weak duality). Let x and (u, AE, (wl, ey wq) , p) be any feasible solutions for the problems (VP) and
(MXVD), respectively. Further, assume that ((ﬁ )+ (-)T Byw; + ZjE]o Eigi(u), i€ I), (gj(u), j€JpB=1, ...,s))
is higher-order (®, p)-type I objective and constraint functions at u on D U Upxvp. If Z?Zl Aipr + 2 jels &jpg; 20,
then the following cannot hold

fi () + (xTB,-x)l/2 < fi(u) + u"Baw; + ki (u,p) = p" Vi (u,p) + L e, [Ejgj(u) +&jhj (u,p) — p'V,&ihi(u, p)] ,i€l
(62)
and

/
£+ ("Bix)" < fi () + uTBws + ki (u,p) — p"V,ki (u,p) + Y [Ei9i) + & (u,p) = pTV,pE by (1, )]
Jj€lo
for at least one € 1. (63)

Proof. Let x and (u, AE, (wl, e wq) , p) be feasible solutions for the vector optimization problems (VP) and
(MXVD), respectively. We proceed by contradiction. Suppose, contrary to the result, that the inequalities
(62) and (63) are satisfied. Then, by the generalized Schwartz inequality (see Lemma 2.4), (62) and (63)
yield, respectively,

fi () + x"Biw; £ fi (u) + u" Byw; + ki (u, p) = p"Vpki (1, p) + L e, [Ejgj(u) +&ihj(u,p) = pTV,&ih; (u, p)] ,iel,

(64)
and
fi (%) + xTBjw; < f; (u) + u" Biw; + ki (u, p) — p" Vi (u, p) + Yielo [Ejgj(u) +&hj(u,p) = pTV,p&ih; (u, p)] @)
for at least onei € I.
Multiplying each inequality (64) by A; > 0,i=1,..,q, and then using "7 A; = 1, we get
YL A (fi 0 + xTBawi) < T A (fi (o) + 1" Baws + ki (u, p) — pTVki (u, p)) + .

Y jer, [ €197 + &by (1, p) = pTV,E 1 (u, )]

By assumption, ((f, () + () Baw; + Yjej, €95(), 1 € I), (gj(-), je€lspp=1, ...,s)) are higher-order (®, p)-type
I objective and constraint functions at u on D U Upxyp. Then, by Definition 2.1, the following inequalities

fi(x) + xTBjw; + Yiesy £i9i(%) = filu) = uTBjw; — Yicjy €i9i(w) = ki (u, p) + pIVki(u,p) 2
) (x, u, (Vpki (u,p) + Biw; + Zjefo EiVpg;(u,p), pﬁ.)) ,i€e],
—gi(u) = h; (u,p) + pTVph]- (u,p) 2 qb(z, u, (Vph]- (u,p),pg].)), j€Jp B=1,.,s (68)

hold. Hence, multiplying each inequality (67) by A; > 0, i € I, and each inequality (68) by ;2 0, j € ], and
then using .7, A; =1, we get

(67)

Y Ai(fio) + xTBiaw; — fi(u) — uTByaw; — ki (u, p) + pTV,ki (1, p)) L jey, £i97(0) = X e, £i95() 2

(69)
?:1 /\lq) (x/ u, (Vpkl (u/ p) + Biwi + ZjE]o E]Vpg] (1/[, p) 4 pfl)) 4
L jesy &5 (=gi@) = hj (,p) + pTVph; (1, 9)) 2 Ly, & (x, 1, (Vphj (w, ), py)) - (70)
Combining (59) and (70), we obtain
Y & (%1, (Vohi (w,p), py ) SO, 8= 1,05 (71)

j€lp
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Hence, (69) and (71) yield
T A (fitx) + xTBiawi — fi(u) — u" Byaw; — ki (u, p) + pTVki (u, p)) +
Ljep, €i9(%) = Lijey, €9i(1) — Ljey, € (—g,'(u) —hi(u,p) +p"V,h (u, p)) > (72)
Ly A (10, (Vs 1, p) + Bitwi + g, €V, (1), pi5)) + Ly, & (1, (Vs (0,9, py, ) -

Let us introduce the following notations

A

i &
Z?:l Ai + Z}'EI# 5]',

T :
i=1 Ai + Z‘jefﬁ éf

iel,§]-=

Jj€Ts B=1, s (73)

Note that A; € (0,1],i €1, & €[0,1], j € ], and

i?\}+zgj:1. (74)
i j€lp

Using (73) in (72), we get
Y7, i (fio) + xTBiaw; — fi(u) — u" Byaw; — ki (u, p) + pTVki (u, p)) +
T e £1969 = Kjer, 19,00 = Ljeg, 8y (wp) + 97 L, £Vhy ()] 2 (75)
Z?:l X,'CD (x, u, (Vpki (u,p) + Bw + ZjE]o EiVphi(u,p), pﬁ)) + Z]’e}ﬁ ngD (x, u, (Vph]- (u,p), pg/)) .

By Definition 2.1, it follows that ® (x, 1, -) is convex on R™1. Since Xi € (0,1],i€l, 'E] €l0,1],je]sp=1,..s,
and (74) is satisfied, by the definition of a convex function, we have

Z?:1 1@ (x, u, (V,ﬂki (u,p) + Biw; + Yjej, &iVphj (u,p), Pﬁ)) + Ve g]-cp (x, u, (Vphj (u,p), Pgi)) 2

— — (76)
0] (x, u, ():?:1 A [Vpki (w,p)+ Biwi+ Ljej, &Vphi(u,p), pﬁ] + Zjelﬁ & (Vphj (u,p), pg].))) .
Combining (75) and (76), we obtain
?:1 F/{i (f,(x) + xTBiZUi - f,(u) - MTBiwi — ki (u/ P) + PTVpki (u, P)) +
T [ Zien 910 ~ Zjep £19,00 = Ljeg, &1y (w,p) +pT Ky, &,y ()] 2 -

) (x, u, (Z?Zl Ai [Vpki (u,p) + Biw; + m Liej, &jVphi (u,p), Pﬁ] + Ljes g] (Vvhj (w,p), Pw)))
Using (73) in (77), we obtain
m { ?:1 A,‘ [f,(x) + xTBiwi - ﬂ(u) - MTB,‘ZUi - ki (1/[, p) + pTV,,ki (u, p)] +

Yiero £i91(0) = Liejy £i9i() = Ljeg, &b (,p) + pT Liegy £Vl (1, P)} =

o (x, u, m <Z?=1 Ai [Vpk,‘ (u, p) + Biwi + ZjEIO cf,V,,h] (u, p)] + ZjE]/z 5]Vph] (Ll, p) , Z?:l /\lpf, + ZjE]/; é]pg])) .
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Since Y1 A; =1and U Js = J, the above inequality yields
p=0

m { ?:1 A [f,-(x) + xTBjw; — fi(u) — u"Biw; — ki (u,p) + p"Vyki (u, p)] +
Zje]o &igi(x) — Zje]o &igi(u) — Zje]o &l (u,p) + PT Zje]o &jVphj (u,P)} 2 (78)
D (x, u, m ( oA [Vpk,- (u,p) + B,-wl-] + X &EVh(u,p) , X Aipg + Liej, éjpgj)).
By the constraint (58), the inequality (78) implies
m { :7:1 A [ﬁ(x) + xTBjw; — fi(u) — uTBiw; — ki (u,p) + pTVpk; (u, p)] +

Zje]o &jgi(x) — Zje]o &igi(u) — Zje[o Eihj(u, p) + p’ Zje]o EjVph; (M/P)} 2 (79)

1 q
o (x, 8y (0,2, Aipgi + Loy, 5jpgf))-

By Definition 2.1, it follows that ® (x, u, (0,4)) 2 0 for every a € R.. By assumption, Z?zl Aipr+X jels &jpg; 2 0.
Thus, the following inequality

O

1 q
X, U, 0, Aips + Eps 1120 (80)
Z?:l A+ ng]ﬁ £ [ Z Ps Z ]Pg]]]

i=1 i<y

holds. Combining (79) and (80), we get

YA (f,-(x) +xTBiw; — fi(u) — uBiw; — ki (1, p) + p" Vk; (u, p)) +
Zje]o é]g](x) - Zjefo é]g](u) - ZjE]O 5]h] (u/ P) + PT Zje]o gjvph] (”zi’) 2 0.

Thus, by x € Dand &; 2 0, j € ], it follows that the following inequality

YA (ﬁ(x) + xTBiw,-> 2! A (f,-(u) + uTBiw; + ki (u,p) — pTV,ki (u, p)) +
Ljeso (5]9;'(“) + &y (u,p) = p'VpEih; (u, P))~
holds, contradicting (66). This completes the proof of the theorem. [

Theorem 5.2. (Strong duality). Let x € D be a properly efficient solution in the considered nondifferentiable
multiobjective programming problem (VP) such that the set Q(x) is empty and let Vg;(x), j € ] (%), be linearly
independent. Further, assume that

{ ki(x,0) =0forallieI; V,k(x,0)=Vf(x), 1)

hij(x,0)=0forall j€]; Vyh(x,0)=Vg(x).

Then there exist A € R7, & € R, @; € R", i € I, such that (%, A, &, (W, ..., ;) ,p = 0) is feasible for (MXVD) and the
corresponding objective values of (VP) and (MXVD) are equal. Further, if weak duality (Theorem 5.1) holds, then
(E, A&, (%1, ey Eq) P = 0) is a properly efficient solution of a maximum type for the higher-order mixed dual problem
(MXVD,).
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Proof. Since x € D is assumed to be a properly efficient solution in the considered nondifferentiable mul-
tiobjective programming problem (VP) such that the set () (x) is empty and, moreover, the Linear Inde-
pendence Constraint Qualification is satisfied at X, by Theorem 3.4 and the assumption (81), it follows that

(E A€, (@1, Eq) P = 0) is feasible in (MXVD). Therefore, it is not difficult to see that the corresponding
objective values of (VP) and (MXVD) are equal as it follows by (8) and (81).

In order to prove that (x A, (wl, ,wq) p= 0) is a properly efficient solution in (MXVD), first, we

show that (x, A<, (wl, v, W q) P = 0) is an efficient solution of a maximum type in (MXVD). We proceed by
contradiction. Suppose, contrary to the result, that it is not efficient in (MXVD). Then, by Definition 3.1,
there exists (I[, AE, (561, . 55,1) ,;5') € Quxvp such that

fi () + 0By + ki (0, 5) = PTVki (1,7) + X je, &1 |9,@) + by (@,5) = pTVhy (3,7)] 2
fi @) + X B + ki (%,0) + Ljej, & [9/®) + 1 %,0)] i € I

£i Q) + WTBiw; + ki (i, P) = PTV,pki (@,5) + Ljey, & [9:@) + hj (@,7) = pTVh; (@,7)] >
fi(x) + X' Biw; + ki (%, 0) + Ljeso E]- [gj(i) +h; (%, 0)] for at least one i € I.

(82)

(83)

Hence, (6) and (81) yield, respectively,
fi @) + X' Bi@; £ fi (i) + u"Bi@i + ki (i, p) = P Vyki (0, P) + Loy, & |9/ + 1y (0, 7) = PV, @, P)] i € L,
fi @) + 3 By < fi (@) + W Bi@i + ki (4,p) = 7" Voks (0,9) + L ey, & 9@ + by (5, 7) = TV, (@, 7))

for atleast onei € I.

Using (8) and (60), we get, respectively, that the following inequalities
— —Tp —\1/2 ~ — — = —~ —~ .
fi (X) + (xTBix) < f, (E) + FLTTBiwi + kl' (u,ﬁ) - ?Tvpki (Ll,rp-) + Z]E]O é] [g](FlI) + h] (u,ﬁ) —F];Tvph]’ (M,Fp_):l ,i€l,
— T, —\1/2 —~ — — =~ — —
fi (X) + (xTBix) < f, (ﬁ) + ﬂTBiwi + ki (u,@ - ETV,,k,- (u,fa) + Zje]o 5]' [g](ﬁ) + h]' (M,}?) - ETV,,hj (M,?)]

for atleast onei €I

hold, contradicting weak duality (Theorem 5.1). Hence, (E, A, (z_ul, ...,ﬁq) P = 0) is efficient of a maximum
type in (MXVD).

We now prove that (E A&, (@1, @q) p= O) is a properly efficient solution in (MXVD). We proceed
by contradiction. Suppose, contrary to the result, that it is not properly efficient in (MXVD). Then, by
Definition 3.2, it follows that, for each scalar M > 0, there exist (u A, (wl, wq) -) € Ouxvp and i* € |
satisfying

fo (u) + u'Brw; + ki (,p) — FﬁTvpki* (u,p) + Zje]o g] [9/‘(5) +h;(,p) - FﬁTvphi (E/Fﬁ)] > 84)
fi @) + X Bei + kie (%,0) + Loy, & [ 7@ + 1 5, 0)]

such that, the inequality
fir () + u" Bew; + ki (11, p) — p Vpkie (u’)+2]5]05][g](.)+h (1, p) —p"V,hj (i, ')]
(f @) + X" Bems +kie (%,0) + Ljey, & [ 9/ + 1 ®,0)]) > M(fi @) + X" By + ke (%,0) + Ly, & [ 7@ + 1 (%,0)] -

(ft (u) + u" Byw; + ki (1, p) — " Vpke (1, p) + e g] [9/‘@ +hj(u,p) - ﬁTVph]- (Er@])
(85)
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holds for all t € I satisfying
fi () + X B, + ki (8,00 + Ljej, & [9®) + by &,0)] >
fi (@) +u" By + ki (u, p) = p' Vypke (i, p) + L e, g] [!71’(5) +h; (i, p) = p'Vph; (i@] :

Hence, by (6), (8) and (81), it follows that the inequality

(86)

fir ) + 0T Bei + kic (4, 5) = 77 Vypkic (4, 9) + L jej, &5 |9/ + 1y (1, B) = 57V, L, B)| - fir ) - X' Bewy >

M (fi ) + X' B, = fi (@) = 4" By = ki (L, P) + P'V,ki (0,7) = ey, € [9,G0) + by @, P) = PTV,l; (i, p)])
(87)
holds for all t € I satisfying

— —T. —\1/2 — —~ — ~ — —
fir (%) + (xTth) > f; () + u" Bywy + ke (0, p) — pTVpke (11, p) + Yieso & [gj(ﬁ} +hi (,p) — pTV,hj (u,fa')] )
(88)
We divide the index set I and denote by I; the set of indexes of objective functions satisfying the inequality
(88). By I, we denote the set of indexes of objective functions defining by I, = I\ (I; Ui*). Let M > % |11,
where |[1| denotes the number of elements in the set I;. Hence, by (87) and (88), it follows that

Ai (fio () + 0By + ki (i,9) = PV ki (5,9) + Ljej, & [0, + by (5, ) = pTV,hy i, )] = fi () = X' B0y ) >

e, At (fi (0) + X' Bw; — fi (i) — 0" Biiwy — ki (i, P) + P Vpki (i, 5) = Ljej, & 96D + Iy (i, 5) = pTV, by (&, P)])
(89)
Using the definition of the set I, together with (89), we get

M-

I
—_

i j€lo j€lo

i€ly jE]o i€l jE]o

Ai [ fir () + U By + ki (i1,9) = 7V, kie (3, ) + Z & |gi@) + i L, p) - PV, (17,@]] +

j€lo

Y [ﬂ @ + T BT+ k @F) ~ P Vpk @F) + Y & [0,@ + by @7 -7V @i@]] .

tel; jEIO

Y A [ft () + W Bi@y + ki (@, P) — P Vi P) + ), & 9@) + ;. ) = P Vh (EE]J =

tel i€l

1 —_—
Z Ai [fz () +u"Bjw; + ki (i, p) = p' Vyki (i, p) + Z <j [.’JJ’(H) +h; (i, p) = p'Vyh ('J,'ﬁ)]]

i=1 j€lo

Z Ai [ £ (@) + % Biw; + ki (%, 0) + Z &lgi® + 1 x0)] +Z Aj [ £ (%) + X Biw; + ki (%, 0) + Z &g +n; x,0)]

A; [ i)+ X B + ki (5,0 + Y & [9,) + hi %,0)] | = A ( fr () + % Ber + ki (8,0) + ) &[99+ 1y &, 0)]] +

]<
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By (6), (8), (81), it follows that the following inequality

9 q
Z/\(ﬁ(x)+xBx )<Z [ﬁ(“)+ Bi@i + ki (i) = P Vi @ 7) + ) & [9/GD) + hy (L) = 5V, (&,7)]

i=1 i=1 j€lo

holds, contradicting weak duality (Theorem 5.1). This means that (?, A8, (El, ...,wq) P = 0) is a properly
efficient solution in (MXVD) and completes the proof of this theorem. [

A restricted version of the converse duality for (VP) and (MXVD) is the following:

Theorem 5.3. (Restricted converse duality). Let X and (ﬁ, A&, (El, ey @q) , ;7) be feasible solutions in problems (VP)

and (MXVD), respectively, such that
fi @) + X Bt + Ljey, & [9)@ + 1 &, 5) - B Voh; 5. P)| < fi (o) + 0 Biwi+ 0
ki (8,P) = P Vyki (8,P) + ey, & 9,60 + 1y (@, P) = 7V, Gi,p)] i € .

Further, assume that ((ﬁ(-) + (')T Biw; + quo ngj(-), i€ I), (gj('), J€Js B= 1,...,5)), is higher-order strictly

(D, p)-type I objective and constraint functions at u on D U Upnixvp. IfZ?:l Xipfi +3 Ejpg,-, thenx = u.

J€lg

Proof. We proceed by contradiction. Suppose, contrary to the result, that x # . By assumption,
P y PP y y P

((ﬁ )+ (~)T Biw; + ):]-610 Ejgj(-), i€ I), (gj('), j€lp B=1, ...,s)) is higher-order strictly (®, p)-type I objective
and constraint functions at # on D U U. By Definition 2.1, we have

Fi@) + X Bl + Loy, & [ 9:® + 1 &) - ' Voh; (5. 5)| - (fi@) + " Biwi+
ki () = P Voki (5,P) + Ljey, £ [9/6D + b (5,9) =PV, (@, 9)]) > (91)
® (%, 7, (Vyki (1, 7) + BTl + L jep, &V, (@F), py)). i €1,

—g;@) - h; (1, p) + ' V,phi (@,) 2 (3,1, (Vh; (14,5), py,)) , j € I (92)
Combining (90) and (91), we get
cp[y,a, [vpk,« (i, p) + Biw; + Z EiVphi (,), pf,,]] <0,i€l, (93)
j€lo

Since A; > 0,i €I, and &; 2 0, j € ], (93) and (92) yield, respectively,

q
Y Ao [},ﬁ, Vyki (1, 5) + Biw; + Y EVyh; (i, 7), pf,]] <0, (94)
i=1 j€lo
Y &i(~gi@m @ p) + BV, @) 2 Y E@ (%1, (Vohi (1,5) py))- (95)
J€lp i€lp

Hence, using the constraint (59) together with (95), we get

Y E0 (%5, (V,hi (@5, py,)) < 0. (96)

Jj€lp
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Let us introduce the following notations

— 3
A= A —, i€, &= !

Z‘z 1 A + Z/e],; 5] ?:1 Xi + Z‘fef;s Ef
Note that A7 € (0,1],i € I, 5]. €[0,1],j€J, and

Z/\ +Zg =1. (98)

Taking into account (97) in (94) and (96), we get, respectively,

i€ B=1,s. (97)

i

Zq" N |5, | Vyki (1, 5) + B + ) EV,hi (i,7), pﬁ]] <0, (99)
i=1 j€lo
Y &0 (%1 (Vohy @5), py)) 0 (100)
j€lp

Adding both sides of (99) and (100), we obtain

2A<b[xu

By Definition 2.1, it follows that ® (x, 1, -) is convex on R™1. Since A e(0,1]i€l, é; €[0,1], j € ], and (98)
is satisfied, by the definition of a convex function, we have

A0 (E, i, (V ki (u,p) + Biwi + Ljej, &V (1,p), Pﬁ)) + Ljey, §O (i' u, (vph]' (,p), ny)) 2
O (%%, (S0, A7 (Voki (W@,9) +  Bi + Ljey, £Vphi (@,7), p1)) + Lo, ](v hi (i4,5),py,)) -
Combining (101) and (102) and using (97), we get

V,ki (i, ) + Bw; + Eg]v hi (4,7), pﬁ}] +Zg (%7, (Y, (1,7), py, ) < 0. (101)

j€lo j€lp

(102)

m(Zl 1A [V k (M p)+BZUl +Z]€]0 EJV h (1/[ p)] (103)

+ Yje, EVohi @), L Aipg + Ly, Eipgy) < 0.

CD(E,M

Since Z?=1 Ai=1land U Jp =], (103) yields
=0

cp(x,u (ZL, 2 [Voki G, P) + B | + Ly &Vhy (@) , L1, Aips + Ljey, &jpg) < 0. (104)

LA +Z]€I &

Hence, the constraint (58) implies

q
%1, ipr+ Y Eipg || <0 (105)
{ A+Z]€f/51[ Z ! Z 19]]

=1 j€lp

By Definition 2.1, it follows that @ (x, u, (0, 2)) = 0 for every a € R,. By assumption, 2?21 Kip 2N jels Eipg; 2 0.
Thus, the following inequality

9
D|%,7, g+ E-p%J] >0
[ 211A+Z‘]€]ﬂ57[ ; é ]

holds, contradicting (105). This completes the proof of the theorem. O
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6. Conclusion

In the paper, a new concept of type I functions has been defined in the case of a nondifferentiable
multiobjective programming problem. The class of so-called higher-order (®,p)-type I objective and con-
straint functions is a generalization and extension of many concepts of higher-order generalized convexity,
including the class of higher-order type I functions introduced by Mishra and Rueda [26] and the class of
(P,p)-invex functions introduced by Caristi et al. [8]. For the considered nondifferentiable multiobjective
programming problem, its higher-order Mangasarian dual problem and its higher-order mixed dual prob-
lem have been defined and weak, strong and strict converse duality theorems have been established under
assumptions that the involved functions are higher-order (strictly) (®, p)-type I objective and constraint
functions. Since the concept of (P, p)-type I objective and constraint functions unify many other concepts
of type I objective and constraint functions previously defined in the literature, therefore, the higher-order
duality results established in the paper extend adequate results already existing in optimization theory.
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